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Nutt, 2002, Why Decisions Fail, Berrett-Koehler Publishers. (interesting review of why strategic decisions often fail, e.g. lack of consultation,
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and Practices in Psychological Science, Vol. 1(1) 27–42. (this paper argues that it is very difficult to undertake causal analysis with observational
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Available on the net at: http://www.bond.org.uk/data/files/Impact_Evaluation_Guide_0515.pdf
Straight Talk on Evidence, 2020, Second RCT of Nevada reemployment program has found sizable earnings gains, providing actionable evidence
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Ton, G. et al 2019, Contribution Analysis and Estimating the Size of Effects: Can we Reconcile the Possible with the Impossible? Centre for
Development Impact Practice Paper 20, Brighton. (an interesting discussion of how contribution analysis might be stretched to give some sense
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